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Ranking Twitter
Twitter

@ Twitter is an online service that allows users to publish text-based
post up to 140 characters (“tweets”).

o Twitter was launched in 2006;

@ Now: 200 million users;
180 million tweets and 1.6 billion search queries per day

twitter)
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Ranking Twitter

Demographics

Who?
o 5% of twitter users create 75% of the content;
@ 54% of Twitter users are female, 46% users are male;
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Ranking Twitter

Pointless babble

What?

@ 40% of tweets are pointless babble (“I'm eating a sandwich”)
[Pearanalytics, 2009]

By Time of Day 11:00 11:30 1:30 2:00 2:30 3:00 3:30 4:00 4:30 5:00

News e 7 5 11 9 3 8 7 5 5 72
Spam 9 7 10 4 4 10 7 8 6 10 75
'Self promotion 14 12 11 15 13 11 13 6 12 10 117
Pointless Babble 71 78 79 82 78 9 88 85 73 81 811
Conversational 76 71 76 72 8 66 66 73 84 83 751
Pass along value 21 25 19 16 12 12 18 21 20 10 174
Totals 200 200 200 200 200 200 200 200 200 200 2000
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Ranking Twitter

# followers (1)

Ranking Twitter
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Ranking Twitter

# followers (1)

o # followers;

1 Lady Gaga (@ladygaga)

mother manster

12,736,208 142,052

followers following

2 Justin Bieber (@justinbieber)

NEVER SAY NEVER 30 out on DVD NOWI!
ﬁ SOMEDAY out une 20th..and thank vou o he 11,956,331 116,205 ¢

fans...who are always there for me and I will followers following
always be there for them

3 Barack Obama (@BarackObama)
This account is run by #O0bama2012 campaign

staff. Twests from the President are signed -BO. 9,717,786 691,235

followers following
4 Katy Perry (@katyperry)
i kissed a girl AND diddled her skittle.
9,210,251
followers following
5 Kim Kardashian (@kimKkardashian)
business woman, exec producer, fashion
designer, perfumista 9,087,602
followers following

twittercounter.com/pages/100
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Ranking Twitter

# followers (2)

@ spammers have far more followers than average users [Yardi
et al., 2010];
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Ranking Twitter
#followers/#followee

@ 72% of users follow more than 80% of their followers;
80% of users have 80% of their friends follow them back. [Weng
et al., 2010].
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Ranking Twitter

#followers/#followee

#followers

o #followee

ratio;
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Ranking Twitter

#followers/#followee
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listocomics.com/394-piramide-del-glamour-twittero/

Ranking Twitter

#followers/#followee

o ratio: Oprah: 1.67x105;
CNN Breaking News: 1.04x105;
Lady Gaga 18.08;
from [Gayo-Avello and Brenes, 2010];

. . Ffollowers—reciprocal
o discounted ratio = #followee—reciprocal
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Ranking Twitter

Other techniques

o PageRank;
@ TunkRank;
o TwitterRank;
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Ranking Twitter
TunkRank

@ TunkRank by Daniel Tunkelang (tunkrank . com)
@ assumptions:

(1) every user has a given influence that is a
numerical estimator of the number of people who will
read his tweets;

(2) users’ attention to their followees is equally
distributed;

(3) user X will retweet a tweet by user Y with defined
probability prefweet;

@ just 2% of tweets are retweets (Dan Zarrella, “The science of
ReTweets report”);
2,87% in [Gayo-Avello and Brenes, 2010].
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tunkrank.com

Ranking Twitter
TunkRank

o TunkRank:

Influence(X) =

S pretee (1 + pretveet nfluence( Y))

Y eFollowers(X) | Following(Y))|

o pnotice g total attention of the user devoted to Twitter;
o pretweet is retweet probability;
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Ranking Twitter

Twitter rank

o TwitterRank [Weng et al., 2010]: to rank users separately for
different topics

o PageRank + topical similarity between users;
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Ranking Twitter

Comparison

@ comparison [Gayo-Avello and Brenes, 2010]:
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Twitter study

Spanish revolution

@ 15-M Movement: series of peaceful demonstrations in Spain.
@ several weeks of sit-ins in 58 cities.
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Location-based social networks

Introduction

Location and social networks.
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Location-based social networks
Introduction

People will to share their location.

ot 3

megme  Google+

ye|p_b‘¢ m
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Location-based social networks

Obama joins Foursquare

President Obama Joins Foursquare

10 hours ago by Ben Parr

Cl4g

rilke  Elsend [ 959 people like this. Be the first of your friends.

Foursquare has just gained its highest-profile user yet: President ; ‘!
Barack Obama.

“The White House is now on Foursquare, a location-based social

networking website, which is the latest way for you to engage with the

administration.” The White House said on its blog. “There are over 10

million people already “checking in® around the world, and now you'll \‘
be able to discover “tips™ from the White House featuring the places

President Obama has visited, what he did there. plus historical information and more.”
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Location-based social networks

Obama joins Foursquare

on.mash.to/pOtJY1

16 Aug

Zvuki andrei 13 by yvolkovich
!‘ HaBOAWTL paKeThbl el HuKorga He Bbino Tak npocTo RT
(@erstmedia Bapak Obama cTan nonb3oeaTtenem Foursquare
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facebook

http://paulbutler.org/archives/
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http://beautyofsocialnetworks.blogspot. com/ZOllégg/
visualizing-spains—-friendship.html
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Location-based social networks
Social ties and geographic distances

@ Social ties and geographic distances

@ Popular assumption: individuals try to minimize the efforts to
maintain a friendship by interacting more with their spatial
neighbors.

@ online tools and long-distance travel might result in the ‘death of
distance’.
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Location-based social networks
Social ties and geographic distances

@ Flickr [Crandall et al., 2010];
in 60% cases: users are friends if they have 5 co-occurrences
within a day (in distinct cells with sides equal to 1
latitude-longitude degree).
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Location-based social networks

Social ties and geographic distances

Probability of a friendship between two individuals as a function of their
geographic distance.
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(a) livejournal [Liben-Nowell et al., (b) facebook [Backstrom et al.,
2005] 2010]
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Location-based social networks

foursquare & gowalla

Service % foursquare] Gowalla
Nodes 54,190 258,706 122,414
Social links 213,668 2,854,957 580,446
Average degree 7.88 22.07 9.48
Average clustering 0.181 0.191 0.254
coefficient

Average distance [ 2,041 1,442

between friends [km]

Average distance [

between users [km]

from [Scellato et al., 2011] -
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Location-based social networks

foursquare & gowalla

1.0 e —
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Friends tend to be much closer than random users: about 50% of
social links span less than 100 km, while about 50% of users areﬁur;cQ;%
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Location-based social networks

foursquare & gowalla

Probability of friendship vs. geographic distance
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Location-based social networks

facebook

@ user characteristics vs. location sharing and responds [Chang
and Sun, 2011]

(@) male (b) female
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Location-based social networks

facebook

o to predict next check-in
strongest: the number of previous check-ins by the user;
significant: is the number of check-ins previously made by friends;
small but significant: the day;
not significant: the day of week.

@ to predict response
significant: the distance between the user (comments) and the
actor (checks-in);
the actor is near the user — the likelihood of a comment goes up

dramatically.
likes comments
disneyland | hospital
fitness medical
in-n-out airport
disney center
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Questions

Questions
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